
Introduction
• A method to compare and evaluate mobile robot algorithms for 

long-term deployment in changing environments.
• Allows  to evaluate decision-making and control algorithms 

where the robot’s behaviour will be different in every trial.
• 3D simulation that is reconfigurable according to the real 

dynamics and allows to replay the events that occurred during 
the robot’s deployment.
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Conclusion and Future Work
• This work can be used to benchmark spatio-temporal strategies in

long-term deployment.
• The framework allows to use different 3D environments containing

physical models of people and object locations.
• The simulation changes according to what was observed by

sensors installed in real-world environments.
• Used to validate spatio-temporal exploration strategies [3, 4].
• L-CAS dataset still under development in order to simulate longer

periods of time as well as to increase the number of dynamic
objects.

System Description
• The system consists of two main modules: a 3D environment 

simulation and a dynamic configuration module.
• The MORSE [1] based simulation environment provides the 

geometry of the environment based on the building plans and 
furniture arrangement.

• The configuration module rearranges the dynamic entities in the 
environment over time and maintains a list of their positions, 
based on the actual dynamics captured by ambient sensors.

L-CAS dataset
• L-CAS dataset consists of a description of more than 20 objects

and human positions over 5 business days.
• The data were acquired using 2 fish-eye cameras installed on the

ceiling, which took a snapshot of the environment every second.

Aruba dataset
• The Aruba dataset [2] is a year-long collection of measurements 

from 50 different sensors spread over a 8 room apartment 
occupied by a single person.

• All the logged events were processed in order to describe the 
person presence  in the flat for every minute  over 16 weeks.

Motivation
• Long-term deployment of intelligent robots in changing 

environments requires adaptive behaviours that change according 
to the knowledge gathered.

• These behaviours can not be evaluated only through pre-recorded 
sensory datasets.


